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To further leverage generator-validator inconsistency (Li et al., 2023), we define DINCO as

the average of generator confidence (i.e. self-consistency, Xiong et al., 2024) and
validator confidence (i.e. normalized verbalized confidence).

Summary

« We find that LLM overconfidence stems from suggestibility under uncertainty.

« We introduce DINCO, an inference-time method that corrects for this bias by
normalizing verbalized confidence over self-generated distractors. Results

« DINCO outperforms prior methods in short-form and long-form settings.
DINCO improves calibration and relieves saturation:
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DINCO improves correlation (r, p) with passage-level FactScore on biography generation:

Distractor 3L»i Kang Ji-hwan is rarely seen.

} average Owen3-8B Gemma-3-4B-1T

. . . VCmain 1.00 : 1.00 1.00 0.90 Method ECE;, BSy;, AUCH r 4 0 ECE;, BSy AUC+H T4 0
Normalized verbalized confidence: = —— =10.34] : P P
b 298 } inverse Weoreo VC (Kadavathetal, 2022) 0433 0431 0.625 0073 0.122 0527 0527 0.683 -0.081 -0.129
SC (Zhang et al., 2024a)  0.162 0226 0.771 0468 0.494 0.197 0233 0.787 0.629  0.607
B = VCmain + [|[VC © Wunique © Weontrall1 B 00 060 097 N NVC 0.191 0263 0.681 0.444 0443 0.123 0230 0.726 0.695 0.704

DINCO 0.076 0.202 0.767 0.518 0338 0.172  0.210 0.793  0.724  0.712

Wynique



https://arxiv.org/pdf/2310.01846
https://arxiv.org/pdf/2306.13063

	Slide 1

